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Shortened abstract 
 
This paper aims to demonstrate the added socio-economic value of green/blue spaces in 
urban areas. The Sustainable Urban Landscape Development (SULD) hedonic pricing 
simulation model is applied to the case-study of Confluence in Lyon, France. Scenario 
simulations are performed for the establishment of urban parks, along with the requalification 
of riverfronts and development of road infrastructure. Results show that the first two 
interventions (parks and parks plus requalification) attract high-income households and, 
hence, lead to increases in real estate values up to +28%. The latter intervention (parks plus 
new road infrastructure) also attracts low-income households, which leads to a smaller 
increase in real estate values. SULD aids in improving urban planning strategies, in terms of 




As urban areas grew, developed and evolved over the past century, green and blue (g/b) 
spaces have always been under scrutiny, pressure or risk, being sometimes regarded as 
potentially profitable residential, industrial or waste-disposal sites. Even where this has not 
occurred, urban g/b spaces have often been secondary on urban growth agendas, as their 
maintenance and/or rehabilitation has not been deemed urgent in the short term and, hence, 
they have usually not been integrated in spatial development and management policies. This 
has resulted in insufficient public and political support as well as in a lack of awareness from 
stakeholders on the added value effective g/b space management can bring to spatial 
development. 
However g/b spaces effectively make an important contribution to urban society and 
sustainability (see TEEB, 2011). It is not a question of ‘just’ providing important ecosystem 
services and leisure areas (Chiesura, 2004, Costanza et al., 1997), it has also been shown 
that g/b spaces can stimulate higher real estate prices, as well as prevent problems and 
financial losses in the medium-long term through, for example, flood risk mitigation (Baptista, 
2013, Zhang et al., 2012). Studies from the economic/land-use literature have systematically 
been exploring how, and to what extent, urban environment amenities impact on the 
distribution of residential land-use, on property values, and on the social-mix. This has been 
determined in various ways, such as using contingent valuation methods – a survey-based 
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economic technique that asks dwellers in a  hypothetical market how much they are willing to 
pay for a specific public good (Chiesura, 2004, Salazar and Menendez, 2007). The most 
popular approach has been the application of hedonic pricing models – a regression method 
that estimates the economic value of properties as a function of the proximity to 
environmental and urban amenities. Such models have had a wide spatial application, from 
the US (Crompton, 2005, Irwin et al., 2014, Netusil, 2013), to the UK (Gibbons et al., 2014), 
Denmark (Panduro and Veie, 2013), Austria (Amrusch and Feilmayr, 2009), China (Jiao and 
Liu, 2010), Japan (Hoshino and Kuriyama, 2010) or the Check Republic (Melichar and 
Kaprova, 2013). Yet the major criticism to hedonic pricing models is that they require 
previously observed data and, in the words of Crompton (2005), “a threshold number of 
property sales to have occurred around a park to generate the market data needed to 
undertake the analyses”. In many cases, this data may be insufficient, missing or hard to 
come by. Only very few studies have applied hedonic pricing simulation models to determine 
the added value of g/b space (Wu and Plantinga, 2003, Roebeling et al., 2007b). The 
difference is that, although based on empirical relationships, simulation models are able to 
estimate added values of amenities that do not yet exist (and for which no surrounding 
property sales data exist) and, therefore, constitute a powerful tool when addressing future 
planning and rehabilitation of urban spaces. 
This paper’s main goal is to assess and compare the socio-economic impacts of potential g/b 
space development scenarios in the Confluence area in Lyon, France. To this end, we use 
the Sustainable Urban Landscape Development (SULD) scenario simulation decision 
support tool (Roebeling et al., 2007b). First, the SULD is contextualized in the economic 
land-use modeling literature, as to highlight how it differs from the most commonly used 
models. Then the Confluence case-study and the proposed developed scenarios (namely the 
establishment of urban parks, the requalification of riverfronts, and the development of road 
infrastructure) are presented. Lastly the SULD is applied, results are discussed and 
conclusions are drawn concerning the projected differences in land-use distribution, 
population density, household distribution patterns, and real estate values. 
 
2. The economic land-use modeling background and the decision support tool 
 
Land-use change patterns have been attributed to a wide range of variables (economic, 
demographical, morphological), and consequently have been the object of a wide range of 
models used for explanatory, forecasting and simulation purposes. For the same reason, and 
because they are developed by scholars with different backgrounds and purposes, these 
models have failed to be classified under clear and consensual headings. Overlap in 
characteristics of different models and the convergence of models to a more integrated 
approach (see also Ward et al., 2003) has led to a plural typology within the literature. 
Reviews over the last ten years have usually distinguished between non-economic and 
economic models of land-use change (Brady and Irwin, 2011, Eppink et al., 2004, Irwin and 
Geoghegan, 2001, Roebeling et al., 2007a).  
 
2.1. Non-economic models 
Non-economic models of land-use change have appeared mainly in environmental science 
and geographical literature. They are characterized by large scale exogenous forces and are 
spatially explicit, so they have proven more popular in describing land-use patterns at a 
macro-scale (Eppink et al., 2004, Parker et al., 2003, Roebeling et al., 2007a). These include 
(i) models of growth or land-use change which use heuristic decision rules based on 
historical land-use patterns (Andersson et al., 2002, Baker, 1989, Deal and Schunk, 2004, 
Eppink et al., 2004); (ii) spatially explicit discrete cell-based models known as ‘cellular 
automata’ (Deal and Schunk, 2004, Eppink et al., 2004, Irwin and Geoghegan, 2001, Parker 
et al., 2003, Wang, 2012); (iii)  hybrid models where both the estimation and the simulation 
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capacity of the previous models can be joined (Syphard et al., 2005, White and Engelen, 
2000); and finally (iv) multi-agent systems, which focus primarily on human actions and 
interactions, aggregated up over scales and time to form land-use patterns (Brown et al., 
2004, Heckbert and Smajgl, 2005, Ligtenberg et al., 2004, Parker and Meretsky, 2004, White 
and Engelen, 2000, Benenson et al., 2005). The literature has criticized these models 
because a) they lack a conceptual economic structure, b) they cannot differentiate between 
the impact of endogenous interactions and spatially correlated exogenous forces/landscape 
features, c) they provide just one possible pattern-interaction solution, d) they seldom 
consider that external features may change over time, but not over space, and e) they don’t 
explain individual behavior (Irwin and Bockstael, 2002, Irwin and Geoghegan, 2001, 
Roebeling et al., 2007a). Even multi-agent systems which account for this behavior are very 
sensitive to the definition of original parameters and exhibit path-dependency (Parker et al., 
2003). 
 
2.2. Economic models 
Economic models of land-use change, also called optimization models as they aim to 
optimize decision variables in order to maximize an objective function representing utility or 
profit (Eppink et al., 2004), are generally characterized by small scale processes, and thus 
allow the understanding of an individual’s response to incentive changes. According to Irwin 
and Geoghegan (2001) they can be either spatially or non-spatially explicit.  
Non-spatially explicit models generally stem from the traditional Alonso-Muth- Mills economic 
model or bid-rent model (Mills, 1981, Mills and Hamilton, 1994, O'Sullivan, 2000). Here, the 
landscape is assumed to be a featureless plane, where any two residential locations are 
considered to be identical in their preferences, income and derived utility, and the only 
aspect that differentiates them is the distance to a given center (CBD), where they are 
assumed to commute on a daily basis (Wu, 2006). Therefore, the model considers that 
households only trade-off accessibility to the center against residential space. Other non-
spatially explicit models include agent-interactions (that lead to individual location decisions 
that affect other individual’s decisions – Irwin and Bockstael, 2002) and regional economic 
models (that describe population and other economic flows across regions). These, 
according to Irwin and Geoghegan (2001), are more robust in explaining the emergence of 
agglomerations and urban spatial structure. Nonetheless, these models have been criticized 
for their lack of spatial explicitness, namely the fact that they fail to explain the impact of 
heterogeneous landscape features on the resulting land-use pattern (Mills and Hamilton, 
1994, O'Sullivan, 2000, Roebeling et al., 2012). 
More recent spatially explicit models have incorporated this spatial heterogeneity (see Irwin’s 
reviews – Brady and Irwin, 2011, Irwin, 2010, Irwin and Geoghegan, 2001). Some consist of 
updates of cellular automata (Caruso et al., 2007, López and Sánchez, 2012, Wang, 2012) 
or multi-agent systems models (Magliocca et al., 2012, Magliocca et al., 2011), with an 
added economic component. Yet most of the previous mentioned critics may prevail and 
hence hedonic pricing models have appeared has an alternative that not only determines 
property values as distance to urban center(s), but also includes more specific locational 
features in the landscape. Hedonic pricing models (reviewed in Malpezzi, 2002, Sirmans et 
al., 2005, Waltert and Schlapfer, 2010) therefore estimate what individuals are willing to pay 
for different attributes of a house and its surroundings, and consequently the landscape 
configuration. In the literature a differentiation can be made between hedonic pricing 
regression and hedonic pricing simulation models. 
Hedonic pricing regression models have mostly dealt with the subject of green spaces, 
including woodlands or forests (Garrod and Willis, 1992, Ham et al., 2012, Tyrvainen and 
Miettinen, 2000), agricultural land (Bastian et al., 2002) and different types of urban green 
spaces or parks (Bark et al., 2011, Cho et al., 2008, Hoshino and Kuriyama, 2010, Kong et 
al., 2007, Melichar and Kaprova, 2013, Panduro and Veie, 2013, Salazar and Menendez, 
2007). Other studies assess the influence of micro-scale elements, such as trees (Mansfield 
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et al., 2005, Pandit et al., 2013) grass (Saphores and Li, 2012), plant species (Amrusch and 
Feilmayr, 2009) and domestic gardens (Gibbons et al., 2014). Conclusions have mostly been 
threefold: proximity to green elements is (almost) always an asset, the derived benefits differ 
according to the type of green space, and households with different utility functions value 
differently environmental characteristics.  
On the other hand, hedonic pricing simulation models have been extensively applied in 
development and planning processes to investigate, for example, the efficiency and 
distributional impacts of alternative policy measures designed to assess smart growth, land 
conversion (Bento et al., 2006, Irwin and Bockstael, 2004) and effects on property values 
(Cotteleer and Peerlings, 2011). Authors have also examined urban sprawl (Irwin and 
Bockstael, 2002, Irwin and Bockstael, 2004, Wu, 2003, Wu and Plantinga, 2003) optimal city 
size and urban concentration (Brueckner et al., 1999, Henderson, 2003), and 
geographic/amenity features and land development patterns (Wu, 2003, 2006, Wu and 
Plantinga, 2003). Finally, Wu and Irwin (2003) and Roebeling (et al., 2007b) developed a 
dynamic spatially explicit model that explores the interaction between land-use pattern and 
water quality. 
 
2.3. The Sustainable Urban Landscape Development (SULD) decision support tool 
Although these models have made considerable contributions as they have incorporated the 
spatial explicitness of the landscape, authors still stress a number of shortcomings of the 
approaches developed to date (Eppink et al., 2004, Parker et al., 2003, Roebeling et al., 
2007a). Equation based models require market equilibrium conditions, consider a relatively 
small influencing area (large-scale exogenous forces are generally ignored) and require 
simplifying assumptions in order to achieve analytical tractability. Increases in landscape 
heterogeneity, number of agents or spatial interactions, and data detail regarding socio-
economic factors diminish the chances of arriving at an analytical solution. For that reason 
models have omitted variables and been case- or variable-specific, something which 
obviously undermines their ability to accurately identify economic trends (Kuminoff et al., 
2010). Furthermore, with few exceptions, the added value of g/b spaces is determined based 
on existing data and the ability to make future projections is undermined. In this sense, 
simulation models offer a noteworthy alternative, but most of these studies are based on 
abstract problems (Irwin and Geoghegan, 2001, Wu, 2006) and real world applications are 
scarce. The effect of size and composition of population growth on environmental 
(Dendrinos, 2000, Wu and Irwin, 2003) and/or urban amenities (Brueckner et al., 1999, Wu 
and Plantinga, 2003) is also usually not considered, or is considered exogenously. 
The Sustainable Urban Landscape Development (SULD) decision support tool (Roebeling et 
al., 2007b), is a GIS-based optimization model that has been developed so as to enable 
more informed and equitable decision making regarding sustainable urban development and 
g/b space management. It builds on hedonic pricing theory that determines property values 
as a function of proximity to environmental and urban amenities, but it is not a static 
calculator, and can be used both to address real world problems (i.e. new planned 
developments) and to make simulated projections independent of real estate and land-use 
data. Furthermore population growth is exogenously determined, implying shifts in the 
demand curve to reach a state of equilibrium.  
In essence the model determines the value of housing given its location relative to urban 
centers and environmental amenities – i.e. the equilibrium price for which demand for and 
supply of housing are equal (Roebeling et al., 2007b, Roebeling et al., 2007a). Households 
(the demand – Eq. 1) are characterized by their preferences for a certain set of goods and 
services: residential space S, other goods and services Z, and environmental amenities e. 
The utility obtained by households in each location is a function of their preferences, distance 
to environmental amenities and income. Households maximize their utility U at location i 
subject to the budget constraint y, which is spent on housing S, other goods and services Z, 
and transportation between the residential area and the urban center (pXx): 
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Ui = household utility 
Si = residential space 
Zi = other goods and services 
ei = environmental amenity value       (1) 
y = household income 
pih = rental price housing 
px = commuting costs 
xi = distance to urban centre 
The environmental amenity value ei that the household experiences at location i is 
decreasing with distance from the amenity source, and is determined by: 
    
 (2) 
 
where a is the environmental amenity, η is the amenity distribution factor, and where zi is the 
distance from location i to the environmental amenity a. The household’s bid-rent price at a 
given location can now be derived (see Roebeling et al., 2007a), i.e., the household’s 
maximum willingness to pay for housing, given their utility obtained. 
Developers (the supply – Eq. 3) optimize their profit by trading off returns from housing 
development density net of associated development costs, subject to households’ willingness 
to pay for housing. They aim to maximize their profit pi at location i, which is given by the 
revenue of construction (phD) net of incurred development costs (l + c0 + Dη): 
 
π i = developer’s profit 
Di = development density 
pi
h
 = rental price housing 




 = construction costs 
ni = household density 
Si = residential space 
The developers bid-price for land can then be derived (see Roebeling et al., 2007a), i.e. they 
will develop when residential land rents (pihDi) are larger than the opportunity cost of 
development (li + c0 + Diη), where the latter is equal to the forgone land rents (li; e.g. 
revenues from agriculture) plus the value of the capital invested in converting the land (c0 + 
Diη). Residential development takes place where demand equals supply. The land rent price 
at a given location can then be derived, and  development patterns for population size are 
determined given the location of environmental and urban amenities (Roebeling et al., 
2007a). 
The SULD decision support tool builds on a numerical application (Roebeling et al., 2007a, 
Roebeling et al., 2014) of the above described classic urban economic model with 
environmental amenities, using GAMS 21.3 (Brooke et al., 1998). The study area is divided 
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into a grid of 185*185 cells, and the data is treated in raster format. Starting from a base-
scenario with specific land-use characteristics and a set of distances to existing amenities, 
and relying on scientific and stakeholder input to assess valid future scenarios, the model 
calculates the equilibrium price for housing as a function of demand and supply. It 
determines the location of residential development, the residential development density, the 
population density, the housing quantity, the living space and the real estate value, taking 
into account households’ willingness to pay as well as the opportunity cost of land, according 
to changes made in land-use, location of amenities or commuting costs. It should be noted 
that land use conversion can only take place between residential and user-defined non-
residential land-uses – the remaining land-uses (e.g. forest, water) are fixed.  
 
3. The Confluence case study and the application of the SULD 
 
The city of Lyon is currently addressing an urban renewal challenge in an area located in the 
Perrache Peninsula – the “Lyon Confluence” project (Figure 1). As described in Roebeling et 
al (2012), on one hand this area has had problems related to water management and flood 
control, namely maintenance difficulties caused by silting pipes or inadequately sized 
infrastructures; pollution of the receiving bodies during storm events due to overflow devices; 
and improper conditions for river side residents caused by the presence of rats, odor 
pollution and the risk of flooding. On the other, this area has long been restricted to industry 
and transport facilities, and therefore had the risk of becoming yet another brownfield. 
Furthermore, the A7 Highway, has become a man-made barrier between the Confluence and 
the Rhone river, forcing the area for many years to turn its back on the water. 
The “Lyon Confluence” project aims therefore to transform this area of approximately 2.5 
km2 into a new downtown district, opened to the water, increasing its number of inhabitants 
from around 17.000 to 25.000 by 2030, creating 14.000 new jobs, and improving the natural 
environment as to provide new ecosystem services (leisure and cultural infrastructures). The 
latter by developing urban g/b spaces, and by integrating storm water management in the 
cityscape. Proposed solutions for the area include enhancing the receiving bodies’ water 
quality, protecting the water resources, reducing flood risks by rehabilitating the sewer 
networks, and reducing investment and operation costs of technical solutions, by 
implementing the options that best fit sustainability criteria (Roebeling et al., 2012). 
 
 
Figure 1 – The Lyon Confluence case-study area 
 
In partnership with the Gran Lyon urban community (http://www.grandlyon.com/), the 
application of the SULD was expected to provide spatially explicit information on the (added) 
value of g/b space preservation/rehabilitation scenarios, in terms of household welfare, 
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property values and flood control in the peninsula, as well as on the preferred locations and 
types of urban development needed to house population. The study area comprises a square 
of 2.850*2.850 meters, designed to contain the Confluence but also to be sufficiently large to 
account for edge effects, which was then transformed into a raster image with a 15.4 meters 
cell size (185*185 cells). 
Starting from the current situation (base-scenario), two scenarios were assessed: the 
establishment of two different urban parks (Scenarios 1 and 2 respectively), as this is a local 
planning priority. In each case the remaining brownfield area was deemed as open space, 
available for development (see Figure 2). Based on these two scenarios, the remaining 
scenarios were developed – namely the requalification of the riverfront (including the 
requalification of Highway A7; Scenarios 1a and 2a), and the development of a new road 
infrastructure (including new bridges over the Rhone; Scenarios 1b and 2b). 
The numerical application of SULD is based on a population comprising three household 
types (low, medium and high income households), differentiated by number of households, 
levels of expendable income (y1=18.050, y2=43.862, y3=69.312…) and shares of housing 
expenditures (µ1=0.290; µ2=0.285; µ3=0.275) as well as levels of utility (u1=3.300 for 
HHtype1, u2=8.019 for HHtype2 and u3=12.672 for HHtype3). All household types share the 
same appreciation for environmental amenities (ε=0.08; η =1.0), annual commuting costs 
(px=375 €/km), opportunity cost of land (li=1,000 €/yr) and development costs (c0=0 and η 
=1.75). The model assumes that the number of inhabitants of each household type remains 
constant – what may change is their spatial distribution. The study area includes eight 
environmental amenities (seven parks and the water, with values of a=10, a=7.5 and a=5 for 
high, medium and low quality environmental amenities, respectively) and twelve urban 
centers (transit stations, public facilities, and education, entertainment, shopping and cultural 
centers). Distances to environmental amenities and urban centers are based on straight-line 












Figure 2 – Land-use map for the Base scenario (left) and Scenarios 1 (upper-right) and 2 (lower-right) 
 
4. Results and discussion 
 
4.1. Base-run and Scenarios 1 and 2 
For the base scenario (i.e. existing conditions are maintained), we see mainly an urban area 
(339 ha), albeit a strong presence of green spaces is detected (155 ha of urban parks and 
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102 ha of forest). Only 12% of this green area is located in the Confluence intervention area, 
mainly on the East-side, while on the West-side the area is dominated by the industrial 
brownfield. The area is mainly low-rise (seldom over 3 stories high) with 60.000 inhabitants, 
of which around 50% correspond to low-income households (HHtypes1) and only 12.5% 
correspond to high-income households (HHtypes3, see Table 1). This discrepancy is even 
more acute in the Confluence area, where almost 70% of households correspond to 
HHtypes1, that live close to the brownfield, urban centers and the main roads. High income 
households live in more attractive areas, close to the waterfront and urban parks. 
The total built area (housing quantity) is almost 1.6*106 m2, where around 20% corresponds 
to HHtypes1, 60% to HHtypes2 and 20% to HHtypes3. The total floor space (development 
density) covers almost double this area (2.9*106 m2), while noting that low income 
households are located in more densely populated areas (over 3.8 households per grid cell). 
This situation is even more acute in the Confluence area, where almost 50% of the total floor 
space corresponds to HHtypes1. On the other hand, higher income areas have the lowest 
household densities. Available living space is on average 98 m2/hh in the study area, and 
about 84 m2/hh in the Confluence area, ranging between 59 m2/hh for HHtypes1 and 158 
m2/hh for HHtypes3. 
Lastly, real estate (rental) values are equal, on average, to 95 €/m2/yr, varying from 88 
€/m2/yr for HHtypes1 to 118 €/m2/yr for HHtypes3. Larger values can be observed in 
attractive high income areas (close to the river and green spaces), whilst lower values can be 
observed in low income areas (close to main roads and urban centers as well as the railway 
station). The total real estate (rental) value for the study area is 288 million Euros per year, 
and 75 mEuro/yr for the Confluence area. It should be noted that the average values per 
household type are greater in this area – despite the brownfield it is an attractive zone 
containing a considerable number of urban and environmental amenities. It is this potential 
that the proposed interventions wish to maximize. 
In each of the Scenarios 1 and 2 a new urban park is established in the Confluence 
brownfield area, and the remaining brownfield area becomes available for urban residential 
development (Figure 2). In Scenario 1 the park is situated in the South end of the brownfield, 
whereas in Scenario 2 it is located on the North end. Overall, Scenario 2 seems to present 
greater benefits, both to the study area and the Confluence. The location selected for the 
park in Scenario 1 is near relevant road infrastructure and environmental amenities. 
Therefore, actually, this location will produce greater economic and social benefits if it is 
used for housing, and the Park is located elsewhere (Scenario 2). Furthermore, in Scenario 1 
the park’s range of influence only stretches northward as it is limited by roads and rivers in 
other directions. On the contrary, in Scenario 2 the park can affect immediate urban areas 
both northwards and southwards. 
Because of this, even though the park of Scenario 1 is a little larger than that of Scenario 2, 
the reduction of total urban area will be less in Scenario 1 (-3.5%) than in Scenario 2 (-3.9%). 
Similar tendencies can be observed for other variables; development density, housing 
quantity and living space. Both Scenarios result in a more condensed city (the open space 
area practically doubles, located at the edges of the study area) and people are willing to live 
in more densely populated areas and smaller houses in order to live closer to the 
environmental amenities. However there is a clear preference for Scenario 2. The population 
in the Confluence, for example, is estimated to increase by +21% in Scenario 2, against only 
+17% in Scenario 1, much closer to the proposed goal of 25.000 inhabitants by 2030. 
Built area (housing quantity) and living space decrease by respectively -5.6% and -1.5% in 
Scenario 1, and decrease by -6.3% and -1.7% in Scenario 2. This decrease is much more 
accentuated for medium and higher income households, meaning that they are willing to 
move to the more attractive areas at the expense of the size of their homes. In Scenario 2 
the decrease in these two variables is even more accentuated, and the values for HHtypes2 
and 3 are almost the same. Both types are significantly attracted to this scenario; there is a 
37% population increase for each type in the Confluence area.  
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% BaseS BaseS & Proj1 BaseS & Proj2 
Land-use: 
      Income 
Household 
type 
   
- Open space ha 30 58 93.2% 60 100.8%    
- Urban ha 339 327 -3.5% 326 -3.9%    
    - HHtype1 ha 114 112 -2.1% 112 -2.2%     
    - HHtype2 ha 173 166 -4.1% 165 -4.8%     
    - HHtype3 ha 51 49 -4.7% 49 -4.8%     
- Total (all other uses constant) ha 812 812 0.0% 812 0.0%     
Population: 
      
    
- Model area # 60418 60418 0.0% 60418 0.0%     
- Confluence area # 17493 20972 16.6% 21185 21.1%     
Housing quantity: 




   
- HHtype1 1000m2 287.5 279.1 -2.9% 278.6 -3.1%    
- HHtype2 1000m2 969.5 911.1 -6.0% 901.7 -7.0%    
- HHtype3 1000m2 347.0 323.5 -6.8% 322.8 -7.0%     
- total 1000m2 1604.0 1513.7 -5.6% 1503.1 -6.3%     
Living space: 
      
    
- HHtype1 m2/hh 58.8 58.3 -0.9% 58.3 -0.9%     
- HHtype2 m2/hh 130.9 128.6 -1.7% 128.2 -2.0%     
- HHtype3 m2/hh 158.1 155.1 -1.9% 155.1 -1.9%     
- average m2/hh 98.2 96.8 -1.5% 96.6 -1.7%     
- average for the Confluence m2/hh 84.2 85.7 1.8% 86.2 2.4%     
Real estate value: 




   
- HHtype1 €/m2/yr 87.5 88.3 0.9% 88.4 1.0%    
- HHtype2 €/m2/yr 94.0 95.8 1.9% 96.1 2.3%    
- HHtype3 €/m2/yr 118.3 120.9 2.2% 121.0 2.3%     
- average €/m2/yr 95.5 97.00 1.6% 97.2 1.8%     
- total m€/yr 287.6 288.2 0.2% 288.2 0.2%     
- total for the Confluence m€/yr 74.9 92.3 23.2% 94.1 25.6%     
           
           
           
 
Table 1 – SULD results for the Base Scenario and Scenarios 1 and 2 
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Even so, HHtypes3 still prefer less densely populated areas and tend to locate on the West 
side of the parks, away from urban centers and closer to the water. It is also noteworthy how 
in Scenario 2, HHtypes2 and 3 occupy almost the entire South edge of the former brownfield. 
For such reason in this Scenario living space area increases in average +2.4% in the 
Confluence. As well, any of these interventions has a positive impact on total real-estate 
(rental) values: on average +0.2% for the study area and, respectively, +23% and +26% for 
Scenarios 1 and 2 in the Confluence area. 
 
4.2. Scenarios 1a, 2a, 1b and 2b 
Scenarios 1a and 2a add to the establishment of each of the parks the requalification of the 
Rhone riverfront, where the Highway A7 will be requalified to a local road thus allowing 
greater interaction of Confluence households with the water. This intervention will make the 
study area contract even more, in relation to the Base Scenario, in terms of urban residential 
area (-4.1% for Scenario 1a and -4.4% for Scenario 2a – See Table 2), indicating that the 
Confluence will become even more attractive. The open space area increases in the 
periphery, as households move to the Confluence. HHtypes2 present the largest contraction 
in urban land use for both Scenarios (-5.0% and -5.5% respectively), albeit with the same 
order of magnitude as HHtypes3. When only the parks were established, the added value 
had been mostly obtained by high income households; when the requalification of the 
riverfront is added to these parks, the added value is large enough to benefit medium-income 
households as well. Hence, they are willing to reduce their living space as to dwell in this 
attractive area. Consequently, there is a decrease in housing quantity of -7.3% for HHtypes2 
and -7.2% for HHtypes3 in Scenario 1a; and of -7.9% for HHtypes2 and -7.6% for HHtypes3 
in Scenario 2a. There is also a decrease in living space of -2.1% for HHtypes2 and -2.0% for 
HHtypes3 in Scenario 1a; and of -2.3% for HHtypes2 and -2.1%for HHtypes3 in Scenario 2a. 
These values are twice as large as those related to HHtypes1, that are less able to benefit 
from these added amenities. Note that these values are usually greater in Scenario 2a. 
The contraction of the urban area is obviously translated by significant increases in the 
centrality and urbanity of the Confluence. The population increases by 21% for Scenario 1a 
and 22% for Scenario 2a (an increase of, respectively, 4 and 1 percent points in relation to 
Scenarios 1 and 2). While the increase in population and urban residential area for HHtypes1 
and 2 remains about the same in relation to Scenarios 1 and 2 (around +13% and +35%, 
respectively), the increase for HHtypes3 has been from +35% in Scenarios 1 and 2 to over 
+50% in Scenarios 1a and 2a. This trend can also be observed for development density and 
housing quantity. That is, high income households and housing considerably increase in the 
Confluence when a park is established and the riverfront is requalified. 
The major locational difference to Scenarios 1 and 2 is that high income households now 
also tend to locate on the riverside area North of the brownfield. This allows for an urban 
continuity of high income neighborhoods in Scenario 1a (as the park is at an extremity), while 
this is not possible in Scenario 2a. Yet in Scenario 2a high income households (HHtypes3) 
can locate on both sides of the park, maximizing its benefits, and the core area of HHtypes3 
(at the South end of the Confluence) substantially increases, even in relation to Scenario 2. 
This obviously reflects itself in terms of real estate (rental) values. An overall increase of only 
0.2% is again seen for the study area, but the increase for the Confluence area is around 
26% for Scenario 1a and 28% for Scenario 2a – the largest increase of all accessed 
scenarios. Note that the largest increases in real estate (rental) values are obtained by the 
medium and high income households. 
Lastly, Scenarios 1b and 2b add to the implementation of each park the development of a 
new road infrastructure, including two new bridges over the Rhone, linking the Confluence to 
the Eastern part of Lyon. The increase in accessibility between these two areas does not 
significantly affect its attraction potential. The overall gains from these two scenarios are 
lower than those obtained from Scenarios 1 and 2, and even lower than those obtained for 
Scenarios 1a and 2a.  
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% related to the Base Scenario BaseS & Proj1 - A7 BaseS & Proj2 - A7 BaseS & Proj1 & Bridges BaseS & Proj2 & Bridges 
Land-use: 




    
- Open space ha 99.9% 106.2% 94.4% 101.8%     
- Urban ha -4.1% -4.4% -3.6% -4.0%     
    - HHtype1 ha -2.3% -2.5% -2.7% -2.6%      
    - HHtype2 ha -5.0% -5.5% -4.1% -4.8%      
    - HHtype3 ha -5.0% -5.2% -4.2% -4.6%      
- Total (all other uses 
constant) 
ha 0.0% 0.0% 0.0% 0.0% 
     
Population: 
 
         
- Model area # 0.0% 0.0% 0.0% 0.0%      
- Confluence area # 21.2% 22.2% 21.4% 22.3%      
Housing quantity: 
 
    Household 
density 
(hh/gridcell) 
    
- HHtype1 1000m2 -3.3% -3.5% -3.8% -3.7%     
- HHtype2 1000m2 -7.3% -7.9% -5.9% -6.9%     
- HHtype3 1000m2 -7.2% -7.6% -6.2% -6.6%      
- total 1000m2 -6.5% -7.0% -5.6% -6.3%      
Living space: 
 
         
- HHtype1 m2/hh -1.0% -1.0% -1.1% -1.1%      
- HHtype2 m2/hh -2.1% -2.3% -1.7% -2.0%      
- HHtype3 m2/hh -2.0% -2.1% -1.7% -1.8%      
- average m2/hh -1.7% -1.9% -1.5% -1.7%      
- average for the Confluence m2/hh 2.3% 2.7% -0.0% 1.0%      
Real estate value: 
 
    Real estate 
value 
(€/m2/yr) 
    
- HHtype1 €/m2/yr 1.1% 1.1% 1.2% 1.2%     
- HHtype2 €/m2/yr 2.3% 2.5% 1.9% 2.2%     
- HHtype3 €/m2/yr 2.4% 2.5% 2.0% 2.2%      
- average €/m2/yr 1.9% 2.0% 1.7% 1.8%      
- total m€/yr 0.2% 0.2% 0.2% 0.2%      
- total for the Confluence m€/yr 26.3% 28.1% 22.0% 24.8%      
           
           
           
 
Table 2 – SULD results for Scenarios 1a, 2a, 1b and 2b 
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Low and medium income households now locate around the roads leading to the bridges, 
while noting that the areas become less attractive for high-income households. In Scenario 
2b this situation is somewhat mitigated, as one of the bridges is in line with the Park. 
The city contracts less than in Scenarios 1a and 2a. The urban residential area decreases 
with -3.6% in Scenario 1b and -4.0% in Scenario 2b – in particular for HHtypes1. Looking at 
the Confluence, it is observed a substantial decrease in HHtypes3 in favor of HHtypes1. This 
means that the Confluence area will become more attractive for low income households 
though less attractive for high income households. Similar tendencies can be observed for 
the other variables; development density, housing quantity and living space. For these 
variables, the average values, and the values for HHtypes2, are very close to those of 
Scenarios 1 and 2, implying that the inclusion of bridges may not be of significance. But for 
HHtypes1, the values increase when the Confluence area is considered. The areas close to 
the new major road infrastructures leading to the bridges cease to be attractive to medium 
and higher income families, and HHtypes1 have now the tendency to live closer together 
near these spaces. In Scenario 1b, HHtypes3 are not located near the new park at all, 
whereas in Scenario 2b they locate only in a small strip on the Northern side of it. 
Overall, this leads to reductions in real estate (rental) values – in particular in the areas 
surrounding the access roads to the bridges. The concentration of medium and high income 
families in the South end of the former brownfield observed in Scenario 2a does not occur in 
Scenario 2b, precisely because the southern bridge is aligned with this area. In Scenario 1b 
this bridge is also too close to the established park, diminishing its potential attraction to 
large income families. Consequently, HHtypes1 are the only ones that, overall, present 
increases of real estate value in relation to Scenarios 1 and 2 (1.1% for Scenario1b and 
1.2% for Scenario2b). Considering only the Confluence, HHtypes1 and HHtypes2 increase in 
value as compared to Scenarios1 and 2, but not as compared to Scenarios 1a and 2a. 
HHtypes3, on the other hand, reflect the smallest decrease in value as compared to the base 
scenario (-0.1% for Scenario 1b and -0.6% for Scenario 2b) as they neither seek new 
locations nor compete for land. The total real estate (rental) value increases with 22% for 
Scenario 1b and with 25% for Scenario 2b – the lowest increase of all accessed scenarios. A 
solution of bridges and new road infrastructure undermines the influence of the proposed 
urban parks and, hence, an alternative location for the bridges may be considered. 
 
5. Concluding remarks 
Using the Sustainable Urban Landscape Development (SULD) decision support tool, this 
study shows that the establishment of high quality urban parks, along with the requalification 
of the riverfront, can be extremely beneficial in changing the landscape and the identity of the 
Confluence. Three main insights have been obtained. First, the urban parks bring added 
value to residents in urban areas, attracting medium and high income households. Second, 
requalification of riverfronts brings additional benefits, attracting in particular high income 
households. Note that in both cases these benefits are proportional to the area of residential 
land-use immediately surrounding the g/b space. Finally, establishment of new road 
infrastructure may reduce the benefits of g/b spaces when constructed in their vicinity, as 
they attract low income households. Consequently, the value added of g/b space is 
dependent on the location, size and type of intervention relative to existing urban residential 
areas, urban centers and environmental amenities. 
These results, their visualization and reflected insights showcase the potential of the SULD 
decision support tool to improve urban planning practice. The contributions may be twofold. 
Firstly, it may improve the drafting of urban plans when alternative planning strategies and 
land use options are being considered. By making available new information, the decision 
support tool may help to better identify and configure land-use development options taking 
into account the environmental and economic values offered by g/b spaces. It may also 
facilitate stronger synergies between land-use and water resources protection (Fidelis and 
Roebeling, 2014) and nature conservation.  
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Secondly, SULD facilitates the planning process and public discussion. By improving 
stakeholder awareness of the different dimensions of urban land-use and associated 
environmental-economic costs and benefits, it enriches the public discussion, adds 
transparency and improves public gains into urban planning decision-making processes. 
Particularly concerning participatory planning and the participatory process itself, the 
prospect of a high quality g/b space can exert considerable attraction and potentially 
enhance the level, intensity and quality of participation. For a successful participation 
process it is required that ‘enough’ people are involved (in terms of number and diversity of 
social groups) and that the focus is on the richness of the discussion.  
Consequently, the SULD decision support tool is not an aim in itself but the starting point of a 
process that has already been applied in several cities, including Copenhagen, Eindhoven 
and Aveiro. It facilitates participatory planning and scenario development, creating 
confidence and familiarity with the model and its outputs, encouraging stakeholders to reflect 
about their reality and future possibilities, and effectively engaging them in the design of 
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